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Who Moderates on Twitch and What Do They Do?
Quantifying Practices in Community Moderation on Twitch

JOSEPH SEERING, Stanford University, USA
SANJAY R. KAIRAM, Reddit, Inc.*, USA

Volunteer moderators are an increasingly essential component of effective community management across a
range of services, such as Facebook, Reddit, Discord, YouTube, and Twitch. Prior work has investigated how
users of these services become moderators, their attitudes towards community moderation, and the work
that they perform, largely through interviews with community moderators and managers. In this paper, we
analyze survey data from a large, representative sample of 1,053 adults in the United States who are active
Twitch moderators. Our findings – examining moderator recruitment, motivations, tasks, and roles – validate
observations from prior qualitative work on Twitch moderation, showing not only how they generalize across
a wider population of livestreaming contexts, but also how they vary. For example, while moderators in
larger channels are more likely to have been chosen because they were regular, active participants, mods
in smaller channels are more likely to have had a pre-existing connection with the streamer. We similarly
find that channel size predicts differences in how new moderators are onboarded and their motivations for
becoming moderators. Finally, we find that moderators’ self-perceived roles map to differences in the patterns
of conversation, socialization, enforcement, and other tasks that they perform. We discuss these results, how
they relate to prior work on community moderation across services, and applications to research and design
in volunteer moderation.

CCS Concepts: • Human-centered computing → Collaborative and social computing; Empirical
studies in HCI.

Additional Key Words and Phrases: content moderation, volunteer moderators, Twitch
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1 INTRODUCTION
Many major social media services rely at least in part on users to moderate content. Facebook and
Reddit, for example, have both relied on users to moderate groups for more than a decade, and even
networked services like Twitter and YouTube have been actively increasing the role that volunteers
play in moderation in recent years.1,2

A significant body of research in the social computing space has explored practices in volunteer
community moderation across multiple services, identifying patterns with respect to topics like
1https://support.google.com/youtube/answer/9826490?hl=en
2https://help.twitter.com/en/using-twitter/communities#what-is-mod
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how moderators are recruited, how they learn how to moderate, their philosophies for moderating,
and how they interact with internal trust and safety employees (e.g. [3, 8, 24, 26, 28, 30, 36]). These
insights have been developed primarily through interview studies using convenience sampling; it
is not yet known how these findings generalize across broader moderator populations.

In this paper, we address this gap on one platform— Twitch — by analyzing and presenting results
from a large, representative survey developed around frameworks from prior work for describing
processes [30] and social roles [36] in volunteer moderation respectively. The questionnaire captures
a variety of aspects of volunteer moderation, broadly summarized according to these three primary
research questions:
(1) How are individuals commonly recruited and onboarded as moderators within Twitch com-

munities?
(2) What motivates these individuals to become moderators?
(3) What is the relationship between Twitch moderators’ self-described roles and the tasks they

perform within their communities?
We deployed this questionnaire to a sample of adults located in the United States who are active

Twitch moderators, gathering 1,053 responses capturing moderator demographics, recruitment
contexts, motivations, common tasks, and self-identified roles within channels. Our findings broadly
support many of the assertions made in small-scale, qualitative studies of volunteer moderation on
Twitch, demonstrating that these generalize across the adult US-based moderator population.

By incorporating aggregate audience data about the channels which participants moderated,
our findings also illustrate patterns in how moderator motivations, practices, and tasks can differ
across contexts, including communities of varying size and moderators in differentiated roles. We
highlight some of these findings here:

• Moderators in large channels are most likely to have been chosen because they were regular,
active participants in the channel, while those in smaller channels more likely had a prior
connection with the streamer.

• The moderators most likely to rely on in-product information or first-party resources when
learning how to moderate are those in smaller channels.

• Moderators in smaller streams are more likely to refer to ‘friends’ and feeling ‘close’ when
asked why they started moderating, compared with those in larger streams, who more
typically referred to ‘community’, ‘viewers’, or ‘content’.

• The tasks that moderators perform vary with channel size, with tasks related to enforcement
and coordination becoming more common as channels grow.

• Moderators’ self-perceived roles within the channel map to systematic differences in the
tasks performed, raising opportunities for the design of role-specific tooling.

By adapting frameworks developed in prior work and evaluating them quantitatively, this work
serves as an example of how different methods can build on each other to provide complementary
insights into topics in social computing. By drawing, in part, on prior work identifying moderation
practices that extend across services, we canmore clearly build connections to volunteer moderation
contexts outside of Twitch. We conclude by discussing how these findings can be used to inform
the design of moderation tools and features, both on Twitch and more broadly across services
supporting online communities.

2 PRIORWORK
Volunteer moderators occupy an important place in the moderation ecosystem for a number of large
social media services. According to the Twitch H1 2021 Transparency Report, the fraction of live
minutes watched in channels moderated by volunteer moderators and/or user-created moderation
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bots in the first half of 2021 was 87.8%, meaning that the vast majority of Twitch users participate
primarily in spaces that are moderated in part by other users.3 During this same time period, more
than 37 million messages were manually removed by users or user-created moderation bots. These
users’ impact, however, extends far beyond the volume of messages removed. Their work provides
a valuable complement to the company’s internal moderation processes by proactively cultivating
positive communities.
Since the beginning of the social internet, myriad online social spaces have been moderated

by volunteer community members. In the late 1970s and early 1980s, these moderators were
frequently academics or industry computer enthusiasts [13, 18], but through the mid 1980s and
the 1990s, the internet began to diversify and so did its moderators [35]. In the 1990s, a variety of
ethnographic work studied the processes of moderation and governance on Usenet and Multi-User
Dungeons, among other services, identifying the complex relationships between communities and
their moderators and how moderation processes can shape social interactions [27, 32, 33]. Many of
these relationships mirror those found today in communities on spaces like Twitch.
While “community-reliant” approaches, per Caplan [5], have received less public attention in

recent years as compared with larger, more centralized models (see e.g., [15, p. 124–128]), they
remain prevalent and have been the subject of much recent research in social computing that
has emphasized the social depth of volunteer moderators’ roles across Twitch, Reddit, Facebook
groups, and Discord, among others. [6, 19, 20, 22, 23, 26, 28, 30, 37]. Several recent papers have
explored volunteer moderation practices specifically on Twitch, analyzing topics ranging from
social influence [29], large-scale event moderation [24], community-focused moderation practices
[3, 36], and approaches to handling harassment [25, 34].

In this note, we aim to complement findings from prior qualitative work on volunteer moderation
through a survey of a larger sample. In designing our survey and discussing our findings, we
drew primarily from a set of frameworks developed within the past three years for describing
volunteer moderation processes and practices. Our survey design draws significantly from Seering
et al.’s work describing volunteer moderators from Twitch, Facebook Groups, and Reddit [30], and
we draw our four categories of moderator roles from Wohn’s framework for Twitch moderator
social roles [36]. We used these papers both because they document a breadth of approaches and
processes and because they have complementary perspectives — one studies moderation on Twitch
specifically and the other studies moderation broadly, tying Twitch moderation to moderation on
other services. We aim to use this work to complement these papers’ findings, providing evidence
of the prevalence of the processes and practices they document at scale. In particular, we focus on
quantifying the prevalence of major aspects of moderation processes identified in prior work such
as motivations for moderating, moderator onboarding and learning, tasks and actions performed
by moderators, and moderators’ social roles within their communities.

3 METHODS
We distributed a survey in December 2020, which was completed by 1,053 logged-in Twitch users
located in the United States who had moderated at least one channel within the preceding 28 days.
We grouped candidates into four segments based on whether they (1) had moderation activity in a
single channel or multiple channels, and whether they had (2) had or had not used Twitch’s ‘Mod
View’ feature, both over the preceding 28 days. A pilot wave of 1,000 survey contacts was used to
estimate response rates within each segment, allowing us to balance our candidate pool.

The survey was distributed via email to 28,850 members of this population who had opted-in to
communications from Twitch and kept open until over 1,000 completed responses had been received.

3https://safety.twitch.tv/s/article/Transparency-Reports?language=en_US#2H12021TransparencyReport
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Self-Reported Gender % Respondents

Man 71%
Woman 25%
Non-Binary / Third Gender 3%
Prefer to Self-Describe 1%
Prefer not to Disclose 2%

Table 1. Respondent self-reported gender. Respondents could select more than one category. These statistics
roughly match demographics for adult Twitch users in the United States captured in prior work [31]

.The first question in the survey asked participants to report their age; respondents indicating that
they were below 18 were directed to a page indicating that they were ineligible. Of the 2,051
individuals who initiated the survey (7.1% attempt rate), we received 1,053 completed responses
(3.6% completion rate). The fraction of survey respondents in each of the four segments closely
matched those in our larger candidate pool, based on behavioral logs, indicating that the sample is
representative of the overall adult, US-based, Twitch moderator population. Respondents received
a $10 Amazon gift card as compensation for completing the survey.

Respondents were prompted to provide the name of one channel they had moderated within the
past month. 918 respondents (87%) provided a string matching a channel that had been actively
streaming as of November 2020. Usage logs describing aggregate behavior in these channels
were used to segment our findings by channel size below. Prior work has demonstrated that
changes in the social experience within channels on Twitch vary logarithmically with audience
size (e.g. [8, 12, 21, 31]); we thus use the following categories to group channels by size: (T0: 0-2
CCU4; T1: 3-10 CCU; T2: 11-100 CCU; T3+: 100+ CCU).

3.1 Survey Participants
Respondents’ ages ranged from 18 to 63 (𝑀 = 27.3, 𝑆𝐷 = 7.5), with 85% indicating that they were
under the age of 35. Respondents self-reported their gender by choosing one or more option from
the list presented in Table 1, with 1.7% selecting more than one option. 71% of our respondents
self-identified as men, 25% as women, and 4% chose a non-binary option or preferred to self-describe.
Though official demographics for the Twitch user population are not available, these statistics

roughly match demographics for adult Twitch users in the United States as reported in prior surveys
distributed directly to Twitch users (e.g. [31]). Although both the present study and [31] excluded
individuals under the age of 18 from participation, the minimum age required for a Twitch account
is 13, meaning that the population of Twitch users aged 13 to 18 is not captured here. The survey
also captured self-reported information about race/ethnicity and disability status; while these are
not used as part of our analysis in our paper, we have included a summary in the Appendix for
readers to reference.
As self-reported, 462 (44%) respondents had moderated exactly one channel within the prior

28 days, 307 (29%) exactly two channels, and the remaining 284 (27%) three or more channels. In
reference to their self-reported recently-moderated channel, respondents indicated how long ago it
had been since they first became a moderator on that channel using multiple choice. The median
tenure on the channel was between 3 and 6 months, with 124 (12%) having started within the past
month and 288 (27%) having moderated on the channel for at least a year. 119 (11%) indicated that
they were the only active moderator on the channel, 219 (21%) indicated that the channel had two
active mods, and the remaining 715 (68%) indicated working in teams of 3 or more.

4Concurrent Users (CCU): defined as the average number of logged-in or anonymous viewers present in a typical minute
that a channel is streaming. This number is visible next to the stream title when the streamer is broadcasting.
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Channel Tier
Overall T0 T1 T2 T3+

I was a regular participant within this channel on Twitch.** 69% 52% 66% 76% 88%
I had a personal connection with the streamer from outside
of Twitch.** 50% 65% 59% 39% 26%

The streamer reached out to me to ask if I wanted to be a
moderator. 46% 38% 47% 53% 38%

I already had a reputation as a good moderator in other
channels.* 14% 7% 13% 18% 19%

I was already a moderator for a closely-related channel on
Twitch. 12% 11% 12% 13% 12%

I was suddenly appointed as a moderator without being
asked.* 12% 12% 9% 11% 21%

I was already a moderator for this community on a service
other than Twitch (e.g. Discord). 11% 8% 12% 12% 9%

I reached out to the streamer and asked if I could be a
moderator. 9% 6% 9% 10% 11%

I was a streamer who agreed to “mutually moderate”
channels with another streamer.** 8% 12% 9% 6% 3%

The streamer was looking for additional moderators to
cover more time zones.** 8% 3% 3% 14% 15%

A mod on this channel reached out to me to ask if I
wanted to be a moderator. 5% 3% 4% 6% 7%

The channel had an open call for new moderators, and
I volunteered. 5% 3% 4% 9% 4%

I was “fast tracked” as a mod due to a sudden increase
in viewership. 5% 3% 3% 8% 7%

Table 2. Paths for becoming a moderator separated out by channel size category. Significance testing was
performed via logistic regression against CCU, indicating that the odds of a moderator selecting this option
in reference to a channel varied significantly with the size of the channel’s audience (* [dark gray] indicates
p <0.01; ** [light gray] indicates p <0.001).

4 HOW DO INDIVIDUALS BECOME MODERATORS?
In this section, we report findings about the common contexts in which users become moderators
and the sources of information on which they draw when learning how to moderate.

4.1 Moderator recruitment
After providing the name of a recently-moderated channel, participants were prompted with:
“Which of the following statements apply to your relationship with the channel or streamer prior to
your becoming a moderator on the channel? Please select all that apply” Respondents used check
boxes to indicate agreement with a set of 14 options (including an ‘Other (please specify)’ option).
Items were drawn from common recruitment contexts identified in prior qualitative work on

community moderation. These included having been a long-term participant in the community
(e.g. [8, 24, 26, 30]), having an existing personal connection or friendship with a streamer or
moderator (e.g. [26, 30]), having waited for a request or responded to an open call for moderators
(e.g. [26, 36]), or extending moderation responsibilities to a new service or context (e.g. [22]).

Table 2 shows results for the 918 respondents who provided a valid channel name. We find that
all of these previously identified pathways to becoming a moderator exist on Twitch and that their
relative prevalence was in line with what had been asserted in prior work.

Proc. ACM Hum.-Comput. Interact., Vol. 7, No. GROUP, Article 18. Publication date: January 2023.
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Channel Tier
Overall T0 T1 T2 T3+

Advice or guidance from streamers 76% 68% 79% 79% 77%
Advice or guidance from other moderators ** 69% 63% 66% 74% 70%
In-product information or tutorials
(e.g. Mod View onboarding) * 49% 48% 54% 48% 41%

Twitch-provided resource pages or help articles 46% 49% 49% 41% 42%
Resources and help articles found on other sites
(e.g. Reddit, Medium) 42% 41% 44% 43% 38%

Experience from moderating on other sites or services
(outside of Twitch) 37% 39% 37% 36% 32%

Table 3. Percentage of respondents indicating that a source was either “important” or “very important” in
learning how to moderate effectively. Significance testing performed using ordinal regression on the 5-point
Likert response against 𝑙𝑜𝑔10𝐶𝐶𝑈 (* indicates p < 0.01; ** indicates p < 0.001)

For each recruitment context, we analyze the relationship with channel size using a logistic
regression model, which predicts the likelihood of a particular statement being true given a single
predictor variable: the size of the channel (𝑙𝑜𝑔10𝐶𝐶𝑈 ); we indicate in Table 2 recruitment contexts
for which the coefficient estimate for this predictor is significantly different from zero. We address
below some themes which emerged from our findings.

4.1.1 Relationships with channel size. Moderators in larger channels (T3+: 88%; T2: 76%) are more
likely to be chosen from the set of regular participants within the channel (𝛽 = 0.74, 𝑝 < 0.001).
This is still common, though less so, in channels of smaller size (T1: 66%, T0: 52%). Moderators in
smaller channels (T0: 65%; T1: 59%) are more commonly recruited through prior relationships with
the streamer (𝛽 = −0.78, 𝑝 < 0.001), compared with those in larger channels (T2: 39%, T3+: 26%).
While less common overall, mods in smaller channels (T0: 12%, T1: 9%) are much more likely

to be streamers themselves, engaged in “mutual moderation” agreements with other streamers
(𝛽 = −0.73, 𝑝 < 0.001), compared with mods in larger channels (T2: 6%, T3+: 3%). In an opposing
trend, it’s much more likely that mods in larger channels (T3+: 15%; T2: 14%) are recruited to help
cover multiple time zones (𝛽 = 0.69, 𝑝 < 0.001) than those in smaller channels (T1: 3%, T0: 3%).

4.1.2 Directionality of requests. Moderators in channels of all sizes were much more likely to
report that streamers had reached out to them to ask if they wanted to moderate the channel (44%
overall) than that they had reached out to the streamer first (9% overall) or had volunteered in
an open call for mods (5% overall). In interviews with Twitch moderators, Wohn [36] identified a
potential ‘stigma’ associated with asking to be a moderator, which aligns with our quantitative
findings. These findings also illustrate how recruitment can vary across services; Matias [26] found
that formal application processes and mod ‘resumes’ are commonplace on Reddit, showing how
service-specific cultural differences may shape who becomes a moderator and how.

4.2 Moderator Onboarding
Prior qualitative work has found that moderators’ primary avenues for learning about how to
moderate are observing others’ moderation practices, learning by doing, and discussing how to
moderate with other moderators [8, 30]. In interviews, moderators were less likely to say that
they learned about how to moderate from on-service informational materials [30]. In the survey,
moderators responded to the question “When learning how to be an effective moderator on Twitch,
how important were each of the following types of information sources to you personally?” using
5-point Likert scales for several categories of information sources( ranging from ‘Not at all’ to

Proc. ACM Hum.-Comput. Interact., Vol. 7, No. GROUP, Article 18. Publication date: January 2023.
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Top Terms by Tier of Channel Moderated
Overall T0 T1 T2 T3+

friend friend friend streamer commun*
streamer channel streamer commun* moder*
channel streamer channel channel channel
moder* stream stream friend mod
commun* mod moder* moder* stream
stream moder* commun* stream streamer
mod chat mod mod chat
chat help chat enjoi* enjoi*
enjoi* safe enjoi* chat help
help* peopl* twitch help twitch
peopl* commun* help love viewer
twitch person person peopl* love
person support peopl* viewer peopl*
love watch support twitch content
support close grow content lot

Table 4. Most frequently occurring tokens (stemmed) in explanations of why Twitch users choose to moderate.

‘Extremely’ important). We summarize the findings for 918 respondents who provided a valid
channel name in Table 3 below:

The responses show that whenmoderators receive structured information about how to moderate
effectively, it is largely from streamers and other mods. 76% report that advice from streamers
was “very/extremely important” and 68% point to advice or guidance from other moderators.
Twitch-provided resources hold the next level of priority, with 49% of moderators stating that
in-product info/tutorials, such as those in Mod View, were “very/extremely important” and 46%
pointing to Twitch help articles. Finally, a smaller, but substantial fraction of mods indicate that
third-party resources had helped them, with 42% referring to external resources and articles and
38% to experiencing moderating on other sites or services as very/extremely important to learning
how to moderate on Twitch.

To evaluate how the importance of these categories of information varied with channel size, we
performed ordinal regression to predict 5-point Likert responses using a single variable: 𝑙𝑜𝑔10𝐶𝐶𝑈 .
We find that moderators in larger channels (T3+ 70%; T2: 74%) are more likely to learn from other
mods (𝛽 = 0.29, 𝑝 < 0.001) than those in smaller channels (T1: 66%, T0: 63%). In contrast, we
find that mods in smaller channels (T0: 48%; T1: 54%) are more likely to learn from in-product
information or tutorials (𝛽 = −0.21, 𝑝 < 0.01), compared with mods in larger channels (T2: 48%, T3+
41%). These results support findings from prior work that point to more informal social learning as
the major avenue for moderator education, but they show that other more formal resources can
also be important, particularly for moderators in smaller channels where peer support may be less
readily available.

5 WHY DO INDIVIDUALS BECOME MODERATORS?
For the self-selected channel in which they had actively moderated in the past month, survey
respondents were invited to explain in free-text what originally motivated them to start moderating
on that channel. We present our findings below based on the 1,022 (97%) valid responses that we
received to this prompt.

Proc. ACM Hum.-Comput. Interact., Vol. 7, No. GROUP, Article 18. Publication date: January 2023.
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5.1 Motivations and channel size
In Table 4, we show the most frequently used terms appearing in these responses after tokenizing
and stemming 5 using the SnowballC package in R. The most frequently used tokens overall include
friend (344 mentions), streamer (308 mentions), channel (260),moder* (226), commun* (222),
stream (208), mod (169), chat (142), enjoi* (120), and help (105).
We note some clear patterns when we split responses by channel tier, for the subset of cases

where moderators provided a valid channel name (N = 918). The token friend is the most commonly
mentioned token among motivations of moderators of smaller streams, referenced by 45% of T0
moderators and 38% of T1 moderators, but is much less commonly referenced by moderators of
larger streams (T2: 28%; T3+: 11%). Similarly, the term close (T0: 4%; T1: 5%; T2: 3%; T3+: 1%) is
much more frequently referenced in motivations for moderators of smaller streams.

In contrast, as channels increase in size, moderators are much more likely to refer to the commu-
nity (commun*: T0: 6%; T1: 14%; T2: 25%; T3+: 32%). Finally, in the largest channels (T2/T3+), we
see moderators starting to shift their language to talk more about viewers (T0: 2%; T1: 5%; T2: 8%;
T3+: 13%) and content (T0: 4%; T1: 5%; T2: 6%; T3+: 11%).

5.2 Common themes in moderator motivations
We performed a high-level content analysis, aided by a Latent Dirichlet Allocation (LDA)-based
topic model which identified seven common topics among the motivations described by moderators.
LDA-based topic modeling is a statistical approach used to identify different “topics” by looking at
relative frequencies of words across different “documents” – in this case, responses to open-ended
questions. We selected the number of topics using the ldatuning package in R, finding that seven
topics provided the best balance across multiple evaluation metrics [1, 4, 9, 17]. Based on an initial
evaluation by the authors, four of the identified topics covered general or universal aspects of
moderation, while three captured more distinct themes (see Appendix C for more detail). We
summarize these three topics below, along with some anonymized representative examples:

5.2.1 Helping a Friend. One topic captured a motivation to support a close friend in their streaming
goals. The terms most strongly associated with this topic include friend, grow, close, mine, and
continu*. Some examples which loaded strongly on this topic are presented below:

• <streamer> is a close friend of mine and has performed as moderator on my channel in an
exemplary manner. I want to return that kindness to him. (T1)

• He’s a close friend of mine and I want to help his stream grow on a healthy way (T1)
• This channel is run by a very close friend of mine, and we’re wanting to become popular streamers
together. (T0)

• Streamer is a close friend of mine before her streaming career started. I wanted to help keep her
same, and her channel enjoyable for everyone to come to. (T2)

These examples highlight the role that personal connections can play in the decision to become a
moderator. In addition, these illustrate some examples of ‘mutual moderation’ agreements, in which
streamers help each other by moderating each others’ channels. While some individuals who gain
moderation status through close friendships with the streamers have previously been characterized
as ‘token mods’ [36], all of the participants in our survey had recently taken moderation actions
within at least one channel, indicating that some close friendships can produce moderators who
are actively engaged in managing the community.

5Word stems are indicated throughout using an asterisk (e.g. {indicate, indicating, indicated} –> indicat*).
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5.2.2 Supporting the community. This topic captured a motivation to foster a positive and active
community. The terms most strongly associated with this topic include commun*, twitch, love,
person, posit*. Some examples which loaded strongly on this topic are presented below:

• <streamer> has been a close friend for manys years, and has a good sense for building a diverse
and warm community, both on Twitch, and in other medias. Keeping her channel a safe and
welcoming place is extremely rewarding and important to me, and i derive much enjoyment out
of being a member of her community. (T1)

• Being more involved in the community and helping foster a positive environment. (T1)
• As I just love the twitch experience in general, I’ll keep moderating a channel as long as that
place is full of friends and positive vibes [+] (T2)

• I appreciate the content she creates and the positive effect she has on her community. <streamer>
is an amazing person and a great content creator and I am happy to assist her in continuing that
path in any way possible and moderating for her Twitch, Discord, and in person events during
my spare time is the easiest way for me to contribute to her success. (T3+)

These examples illustrate that the desire to moderate can be a response to experiencing a
positive sense of community, both within the channel and across the service, and a desire to sustain
that environment for others. As we can see from the first example quote, many of the responses
addressed more than one concern, such as motivations to support both a friend and a ‘diverse and
warm community’. This category of motivation aligns with the positive community orientation
described by Wohn’s ‘Conversationalists’ [36]. These may be moderators who would identify with
the ‘Facilitators’ identified by Seering et al. [28], who act as ‘hosts’ to encourage socialization and
conversation.

5.2.3 Creating a safe space. The third distinctive topic captured a desire to create a safe and
welcoming environment for others. Top terms associated with this topic include streamer, safe,
support, feel, fun, and some representative examples are shown below:

• To ensure the streamer on the channel i cover continues to provide a welcome, fun and inviting
place for everyone willing to follow rules of basic decency (T3+)

• I like helping out streamers build a safe community on Twitch. It’s important to provide safe
spaces for others while keeping the streamer safe and with the time to focus on their content. (T0)

• There’s a lot of stuff that should be moderated in a chat room especially big streamers so I do my
job making people feel safe and even include commands for my own page for everyone to feel
safe. (T1)

• Building a community is incredibly important. It gives a place for people to come when feeling
rough. Also the internet is terrible and constantly tries to bring people down. As a moderator it’s
your job to help foster the community you want. (Tier not available)

These examples reference how creating a safe space requires active engagement as a moderator,
including through enforcement actions, such as message deletions and bans. These motivation
statements are evocative of Wohn’s ‘Justice Enforcers,’ who approach moderation as a form of
service to the community [36]. These statements also evoke aspects of the ‘Protector’ (creating
a safe space) and ‘Gardener’ (planting seeds and pulling weeds) metaphors for moderation work
outlined by Seering et al. [28] and Yu et al. [37].

6 WHATWORK DOMODERATORS PERFORM?
In this section, we report findings about the tasks that moderators regularly perform and how these
align with the various roles that moderators play within a channel.
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Channel Tier
Overall T0 T1 T2 T3+

Welcoming and socializing newcomers to the community 75% 63% 77% 81% 72%
Contributing to or participating in discussions in chat ** 74% 50% 76% 82% 86%
Managing irritating or disruptive behavior (e.g. spam,
nonsense, malicious links) ** 65% 55% 62% 70% 78%

Manually deleting chat messages * 63% 58% 62% 66% 71%
Taking actions against individual viewers (e.g. bans,
timeouts) ** 61% 52% 54% 71% 79%

Monitoring conversations to proactively avoid conflicts ** 53% 34% 51% 64% 63%
Manage general incivility (e.g. rudeness, immature
behavior, social faux pas) ** 51% 28% 46% 64% 71%

Warning offenders that they could be punished ** 38% 30% 29% 46% 60%
Managing or customizing chatbots or chat commands ** 31% 21% 30% 36% 43%
Learning or gathering information about viewers to
support engagement 31% 21% 34% 35% 27%

Monitoring channel moderation actions performed by
other mods ** 28% 17% 25% 30% 46%

Handling targeted attacks against the streamer or
community members ** 26% 17% 20% 33% 47%

Explaining or clarifying to viewers why they were
punished ** 25% 14% 17% 31% 52%

Discussing or documenting incidents with other
moderators or the streamer ** 21% 13% 15% 25% 39%

Production assistance (e.g. managing song lists,
editor-only tasks, community challenges) 19% 14% 20% 19% 23%

Helping the streamer manage the moderator team or
select mods 19% 19% 19% 18% 20%

Filing reports about users to Twitch 15% 14% 14% 17% 16%
Training or educating other mods * 12% 8% 9% 15% 18%

Table 5. Fraction of mods in channels of each tier who performed each task within the preceding month.
Significance testing was performed using logistic regression with 𝑙𝑜𝑔10𝐶𝐶𝑈 as a predictor (∗ : 𝑝 < 0.01, ∗∗ :
𝑝 < 0.001).

6.1 Common moderation tasks
Survey respondents indicated using checkboxes which of a set of 14 tasks they had personally
performed within the past month in the channel they had reported being an active moderator for.
The set of tasks included in the survey were drawn primarily from Seering et al. [30], either directly
from item labels or indirectly from descriptions of moderator work. Two additional items were
added, including ‘Filing reports about users to Twitch’ and ‘Production assistance (e.g. managing
song lists, editor-only tasks, community challenges).’
Table 5 below summarizes responses to these measures for the 918 moderators who provided

a valid channel name. We find that moderators are typically performing a wide variety of tasks,
from positive community-building and socialization to managing moderation tooling and enforcing
against community members. For each task, we analyze the relationship with channel size using a
logistic regression model which predicts the likelihood of a moderator having performed a specific
task in a channel, given the size of the channel (𝑙𝑜𝑔10𝐶𝐶𝑈 ). We address below some themes which
emerged from our findings.
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6.1.1 Common and uncommon moderation tasks. Across all respondents, the most common mod-
eration tasks include welcoming newcomers (75% overall) and participating in chat (74%). Among
enforcement-related actions, the most common tasks include managing disruptions (65%), deleting
messages (64%), and banning/timing-out individual viewers (61%). In public discourse, moderation
is typically described implicitly or explicitly as an activity primarily focused on the removal of
content or users. Our results show that positive community-building and socialization is the work
most commonly performed by moderators, across communities of all sizes.
The least frequently self-reported tasks include managing mod teams (19%), filing reports to

Twitch (15%), and training other mods (11%). Given that 68% of moderators in our survey indicated
that theyworked in the channel with teams of 3 ormoremods, this could reflect either a lack of desire
to coordinate with or train other moderators, or a lack of tooling to support these activities. Prior
work has identified that community moderators often prioritize enforcement of community-specific
norms rather than sitewide community guidelines [7, 11]. Our findings show that moderators are
four times as likely to have banned or timed-out users from the channel than to have reported
users for sitewide enforcement, quantifying the gulf between these levels of enforcement.

6.1.2 Relationships with channel size. As channels increase in size, moderators are more likely
to spend time on tasks associated with managing disruptions and enforcing against users. Some
of these tasks for which the frequency was most strongly associated with channel size include
explaining punishments to viewers (𝛽 = 0.83, 𝑝 < 0.001), managing general incivility (𝛽 = 0.75,
𝑝 < 0.001), and warning offenders (𝛽 = 0.63, 𝑝 < 0.001). All of these tasks represent labor which
can be associated with helping viewers understand the channel-specific standards that moderators
are hoping to maintain within a channel.

Perhaps unsurprisingly, enforcement actions against individuals are also reported as occurring
more frequently as channels increase in size, including banning/timing-out users (𝛽 = 0.55, 𝑝 <

0.001) and deleting messages (𝛽 = 0.24, 𝑝 < 0.01). Finally, we note a set of coordination-related
tasks which increase in frequency along with the potential size of the moderation team, including
discussing/documenting incidents with other mods or the streamer (𝛽 = 0.63, 𝑝 < 0.001) and
monitoring actions performed by other mods (𝛽 = 0.45, 𝑝 < 0.001). These may capture how
moderation teams need to professionalize and introduce operating processes in order to effectively
manage larger channels.
For a subset of moderation tasks, there is no evidence of a relationship between the size of the

channel and the frequency with which these tasks were performed. For some streamer-focused tasks,
such as production assistance or helping the streamer manage mod teams, we might expect that the
amount of work is constant or slow-growing as audiences increase in size. Certain conversation-
focused tasks such welcoming newcomers or gathering information about viewers may become
untenable or lower in priority as communities increase in size. Similarly, while larger channels are
certainly more likely to experience behavior that breaks sitewide rules, the fact that moderators in
larger channels aren’t filing reports about users to Twitch at higher frequencies may reflect a shift
in prioritization as channels increase in size.

6.2 Moderator roles
We also asked moderators to self-identify with a set of roles drawn from the taxonomy established
by Wohn [36] using a set of check-boxes, from which they could select any that characterized how
they approached their work in the channel, or provide their own. Respondents chose approximately
two roles on average. We summarize their choices (N = 1053) here:

• Conversationalist (C): “My role is to actively engage and socialize with viewers to build a
community.” (57% of respondents)
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• Helping Hand (HH): “My role is to help the streamer and the community accomplish its
goals.” (56% of respondents)

• Justice Enforcer (JE): “My role is to maintain a safe environment and punish bad behavior.”
(42% of respondents)

• Neutral Observer (NO): “My role is primarily to observe, and I only participate or step in
when absolutely necessary.” (37% of respondents)

Our final research question considered whether differences in moderators’ self-identified roles
mapped to meaningful differences in how they engaged with the channel through the sets of tasks
that they performed. To answer this question, we built a linear regression model for each task,
which predicts the change in probability of performing that task associated with identification
across the four roles. Though our outcomes are binary, we follow guidance from Gomila [16] that
linear regression can yield acceptable outcomes with more interpretable results. As respondents
could select multiple roles, we have as predictors four binary dummy variables, with one for each
role. We summarize the results of these models in Table 6 below; we show coefficients for which
𝑝 < 0.001, omitting for clarity coefficients which don’t meet this criterion:

For each task, the intercept can be interpreted as the probability of performing that task for a
moderator who doesn’t identify with any of these four roles. For each role, we show the change in
probability of performing the task associated with identification with that role. For example, 79% of
mods who identify with the Conversationalist (C) role indicated that they had recently welcomed
and socialized newcomers, compared with 58% of mods who didn’t identify with this role.

We observe some clear patterns of association between moderator’s self-reported high-level role
within a channel and the likelihood of performing various moderation tasks, based on modera-
tors’ self reports. Identifying as a conversationalist, for instance, is associated with substantially
higher rates of having performed tasks associated with communication, including welcoming and
socializing newcomers (+21%), participating in discussions (+16%), gathering information about
viewers (+16%), and explaining to viewers why they were punished (+9%). Moderators identifying
as helping hands are significantly more likely to gather information about viewers (+11%), provide
production assistance (+11%), and help the streamer manage the mod team (+12%).
Self-identified justice enforcers, in turn, perform a wide variety of enforcement tasks at higher

rates, with the largest differences for explaining punishments (+22%), warning offenders (+21%),
banning/timing-out individuals (+20%), and managing general incivility (+20%). Notably, self-
identified justice enforcers are twice as likely to report users to Twitch. Finally, we note that
identifying as a neutral observer is not associated with any meaningful pattern in the tasks per-
formed, compared with moderators identifying with none of these roles.

7 DISCUSSION
Volunteer moderators’ work has social depth that extends far beyond removal practices. In this
paper, we have presented evidence that supports findings from prior work on the breadth of these
practices. We have shown that moderators’ mental models for their work — as exemplified through
social role descriptions — match with discrete sets of activities they perform, and we show one
model for ways in which services and researchers might explore these activities and roles in
quantitative and survey work in the future.

Differentiating moderator roles. Broadly, this work highlights the presence of discrete social
roles among moderators, correlating with different approaches and philosophies toward modera-
tion. Beyond designing to highlight and support social processes in moderation, services should
consider moving beyond designing “one-size-fits-all” moderation tools. For example, a toolset for a
“Conversationalist” Twitch moderators would likely look very different from a toolset for “Justice
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Moderator Role
Intercept C HH JE NO

Welcoming and socializing newcomers to the community 58% +21%
Contributing to or participating in discussions in chat 58% +16%
Managing irritating or disruptive behavior (e.g. spam,
nonsense, malicious links) 50% +16%

Manually deleting chat messages 50% +18%
Taking actions against individual viewers (e.g. bans,
timeouts) 50% +20%

Monitoring conversations to proactively avoid conflicts 37% +13%
Manage general incivility (e.g. rudeness, immature
behavior, social faux pas) 36% +20%

Warning offenders that they could be punished 25% +21%
Managing or customizing chatbots or chat commands 22%
Learning or gathering information about viewers to
support engagement 12% +16% +11%

Monitoring channel moderation actions performed by
other mods 22%

Handling targeted attacks against the streamer or
community members 12% +18%

Explaining or clarifying to viewers why they
were punished 9% +9% +22%

Discussing or documenting incidents with other
moderators or the streamer 10% +12%

Production assistance (e.g. managing song lists,
editor-only tasks, community challenges) 8% +11%

Helping the streamer manage the moderator team or
select mods 9% +9%

Filing reports about users to Twitch 10% +10%
Training or educating other mods 6%

Table 6. Fraction of mods identifying with each role who performed each task within the preceding month.
Significance testing was performed using linear regression with four binary dummary variables as predictors,
one for each role. Percentages in role columns indicate the change from baseline for moderators of that role.
Coefficients are shown in cases where 𝑝 < 0.001; otherwise, they are omitted for clarity.

Enforcer” moderators. Services could provide opportunities for moderators to choose their preferred
approach and then provide tools as appropriate, perhaps allowing moderators to switch between
different views or layouts for moderation tools depending on circumstances and preferences. Note
that, while self-identified social role correlated with activities performed by respondents in this
survey, the majority of respondents identified with more than one social role.
Though the Twitch-specific typology of social roles used here aligns well with moderation

practices in a livestreaming context, other broader conceptual frameworks may also contribute
to understanding of moderator roles on different services. Yu et al. [37] identify nurture-as-care
practices within certain approaches to moderation on MetaFilter, and Seering, Kaufman, and
Chancellor [28] provide a taxonomy of moderator roles on Twitch, Reddit, and Facebook via the
use of metaphors. Matias [26] discusses moderation work on Reddit as “Civic labor,” a process
that involves variable attitudes and competencies for interfacing with different audiences, and
in particular highlights the responsibilities of Reddit moderators in interacting with internal
employees.
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Designing for variedmoderation contexts. The implications of these findings for design align
with suggestions from prior work in a number of ways. For example, in highlighting the breadth of
moderator practices, Seering et al. argue that services should develop tools “that support, rather
than supplant, the judgment of users” [30, p. 3]. Similarly, Dosono and Semaan [10] recommend
designing for empowering moderators through visible social support and designing moderation
tools with emotional affect in mind. Modern services, such as Reddit, are often designed to make
certain types of moderator work visible (e.g., content removal) and others invisible (answering
questions and maintaining community health) [14] but our work helps show the importance of the
social aspects of moderation labor that are frequently less visible.
Community moderators on Twitch, as well as on services like Reddit, Discord, and Facebook,

are embedded in the social fabric of their communities in a way that centralized, company-run
moderation teams can never be. Not only does this allow them to make moderation decisions
based on more nuanced understandings of specific social context, but it also positions them to
be proactive in cultivating communities in a way that centralized models could never match. For
example, corporate moderation teams cannot realistically foster positive cultures in all of the
user-created communities on a service by actively welcoming and socializing newcomers into each
community, but this is an activity that nearly three quarters of survey respondents engaged in.
Focusing on developing volunteer moderators’ abilities to cultivate positive spaces through tool
development and education can provide a valuable complement to the strengths of centralized
moderation practices.

8 CONCLUSION
In this short paper, we have presented results from a large-scale survey of Twitch moderators
showing the prevalence of processes and practices identified in prior work. In line with prior work,
we find a heavy social component to both the selection and onboarding processes for moderators
as well as for the activities they perform, and we identify how these processes vary across different
community sizes. With this work, we hope to build on prior research on moderator practices
by translating qualitative findings into quantitative evaluations in order to inform the design of
moderation tools that are a better match for the social realities of community moderation.
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Self-Reported Ethnicity % of Respondents
White or Caucasian 63%
Hispanic or Latinx 16%
Asian or Asian-American 13%
Black or African-American 9%
Native American, Alaskan Native,
First Peoples, or Aboriginal 3%

Middle Eastern 1%
Native Hawaiian or Pacific Islander 1%
Other (please specify) 2%
Prefer not to Disclose 5%

Table 7. Respondent self-reported race/ethnicity. Respondents could select more than one category.

A ADDITIONAL SURVEY DEMOGRAPHIC INFORMATION
Survey respondents self-reported their race/ethnicity by selecting from a set of options (with the
ability to select multiple options); these results are summarized in Table 7. 63% of respondents
self-identified asWhite or Caucasian, 16% as Hispanic or Latinx, 13% as Asian or Asian-American,
9% as Black or African-American, and 3% as Native American, Alaskan Native, First Peoples, or
Aboriginal; 1% or fewer of participants identified with any of the remaining categories. Participants
self-reported their disability status using two questions. The first asked “Do you identify as disabled
or as having a disability or other chronic condition (regardless of whether you have a formal
diagnosis)?” The 14.2% of individuals who responded ‘yes’ to this question were prompted with the
option to select options from the list shown in Table 8.

To the best of our knowledge, this is the first large-scale survey of the Twitch user population to
ask about race/ethnicity or disability status, so we have no previous points of direct comparison.
However, the overall distribution of self-identified race/ethnicity of US-based Twitch moderator
respondents aligns roughly with estimates for overall US demographics [2] when taking into
account possible variance due to sample size and potential response biases.
Twitch moderators identify as having a disability or chronic conditions at higher rates than

government estimates for the overall US population (14.2% of survey respondents, compared with
8.7% of the population under age 65 years in US Census data) [2]), but we note that our definition
includes mental health conditions, which are classified separately from the US Census definition of
disability as “serious difficulty with four basic areas of functioning – hearing, vision, cognition,
and ambulation,” making direct comparisons impossible.

B ADDITIONAL INFORMATION ABOUT LDA ANALYSIS OF MOTIVATION TEXTS
In Section 5.2, we present a high-level content analysis of common themes in respondents’ state-
ments about their initial motivations to participate in channels as moderators. This analysis was
aided by a Latent Dirichlet Allocation (LDA)-based topic model, which was used to identify latent
underlying themes represented across these motivations. LDA models assume that each document
(a single free-text response) is generated based on a probability distribution over a latent set of
topics, each of which is represented as a probability distribution over the space of possible words.
In Table 9, we list the top ten tokens associated with each of these seven latent topics. Topic

numbers are used to reference each topic, but the ordering of these topics is arbitrary. Topic 2
corresponds to the ‘Helping a Friend’ topic discussed above. Topics 3 and 5 represent the ‘Supporting
the Community’ and ‘Creating a safe space’ topics, respectively. Topics 1, 4, 6, and 7, which we
have chosen not to discuss in detail in our results, capture a broader set of experiences related to
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Self-Reported Disability
or Condition % of all respondents % of those self-reporting

as disabled
Mental health condition 7% 48%
Health-related disability 4% 31%
Attention deficit 3% 21%
Mobility-related disability 2% 17%
Autism 2% 16%
Blind or visually impaired 1% 10%
Learning disability 1% 10%
Speech-related disability 1% 5%
Deaf or hard-of-hearing 1% 5%
Other (please specify) 2% 13%
Prefer not to disclose 1% 8%

Table 8. Respondent self-reported disability or condition. Participants could select more than one disability
or condition. Overall, 14.2% of respondents identified as disabled or as having a disability or other chronic
condition.

Top Terms by Tier of Channel Moderated
1 2 3 4 5 6 7

chat friend commun* mod streamer moder* channel
people* grow twitch streamer safe enjoi* help
stream close love stream support time stream
viewer mine person channel feel commun* content
time continu* posit* continu* fun watch lot
happi* irl fun engag* content bot support
friendli* respect motiv* start watch care nice
game success interact experi* enjoi* stai* welcom*
talk person enjoy watch stream streamer time
activ* streamer experi* friendship keep focu* it

Table 9. Top ten (stemmed) tokens most strongly associated with each of the seven topics identified through
LDA topic modeling over free-text responses capturing respondents’ initial motivations to moderate channels.
LDA represents each topic as a probability distribution over tokens, indicating that words higher in the list
for a topic are the most likely to occur in text about that topic. Topics 2, 3, and 5 correspond to the topics
discussed in our results above. Topics 1, 4, 6, and 7 capture broader and less clearly-differentiated aspects of
streaming and moderation (background topics). Topics are unordered, such that the topic numbers do not
carry meaning beyond uniquely identifying the different topics.

‘channels’, ‘moderating’, ‘people’, and ‘streaming’, such that each of these topics did not lend itself
to a clear interpretation about some specific aspect of moderation.
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